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Barriers and enablers to artificial 
intelligence-assisted wound management:  
a scoping review protocol

Abstract
Wound management is an integral component of healthcare professionals’ practice. Incorporating artificial intelligence 
into healthcare professionals’ bedside practice will revolutionise wound care management approaches. Artificial 
intelligence is rapidly being tested and integrated inconsistently across health services globally, with healthcare 
professionals and policymakers struggling to keep pace with the evolving clinical environment in wound care. This 
protocol outlines the steps of a scoping review that aims to synthesise available data on healthcare professionals’ 
experiences of the barriers and enablers to artificial intelligence-assisted wound management. Data charting will focus on 
wound assessment, diagnosis, and management plans in various care settings, and healthcare professionals’ awareness 
of clinical practice guidelines and policies. Searches will be conducted in Scopus, Ovid MEDLINE, Embase, CINAHL 
Complete, PubMed, Web of Science, ProQuest, Connected Papers, Google Scholar, and Google Advanced for relevant 
studies. The Preferred Reporting Items for Systematic reviews and Meta-Analyses extension for Scoping Reviews 
(PRISMA-ScR) checklist will be referred to throughout the review’s development. Selected articles matching the inclusion 
criteria will be evaluated using the appropriate quality and critical appraisal tools. This scoping review will be informed by 
the Theoretical Domains Framework. The identified barriers and enablers will be mapped to the framework’s constructs 
and domains.

Introduction
The use of artificial intelligence (AI) in clinical practice has 
been rapidly increasing in popularity, particularly in patient-
led care planning, diagnostic and clinical decision-making.1-3 
The use of AI in healthcare is not new, being introduced 
in a limited capacity in the 1960s and growing in demand, 
adoption, and efficiency in clinical care since the 2000s.4-5 
AI can be defined as the development of computer systems 
that manage complex tasks performed by humans through 
algorithms, which encompass a set of rules implemented 
through multiple models and programs.1,3 Applications of 
AI in healthcare have ranged from time and stress-saving 
capabilities in the automation of administrative tasks2,6 to 
improving the accuracy of diagnostics through image-based 
analysis7 and symptom input into a clinical decision tool.5 
More specifically, AI has gained traction in fields such as 
pharmaceutical development8, medical imaging analysis9, 
and psychiatric note writing.10 AI is expected to be integrated 
into the bedside practice of healthcare professionals to 

varying degrees and could help address future healthcare 
challenges.6.11-12 Therefore, considering the complexities that 
AI in healthcare introduces, its implementation into wound 
care needs further research and policy frameworks to guide 
its safe integration.13 

The ever-growing market for AI-assisted healthcare has 
alerted clinical governance to act quickly in response.13-17 
According to the Organisation for Economic Co-operation 
and Development [OECD], an international policy developing 
organisation18, AI-driven health programs are being integrated 
haphazardly globally, with no clear indication of their level of 
adoption, skill acquisition requirements, and development 
of integration.19-20 To date, the authors have been unable 
to source any evidence-based resources that guide 
standardised wound care with AI integration, instead finding 
a broad range of materials that provide AI-assisted healthcare 
frameworks and position statements.13-17 Furthermore, the 
implications of using AI in healthcare could result in legal and 
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ethical ramifications for healthcare professionals without an 
accepted understanding stated within the individual faculties 
and multidisciplinary codes of conduct.14, 21-24, The guidelines 
regarding AI in healthcare were developed with limited studies 
evaluating their real-world implementation.14, 21-24 As a result, 
there is a lack of robust evidence on how these guidelines 
function in clinical practice, particularly concerning their 
legal and ethical implications for healthcare professionals.21-24 
Researchers highlight this gap in recently published studies, 
particularly regarding accountability, liability, and the 
development of professional regulatory guidance for AI 
in healthcare.21-24 Research interest in AI frameworks for 
healthcare has significantly increased, with current studies 
now concentrating on their practical implementation and the 
development of standardised approaches to ensure their 
consistent and effective integration into clinical settings.25-27 
Recent studies on AI adoption in medical, nursing, or allied 
health education demonstrate that healthcare educators are 
increasingly integrating AI into students’ learning processes, 
reflecting a shift toward technologically enhanced education 
in clinical and biomedical training.28-30 Therefore, future 
healthcare professionals will have basic knowledge of and 
experience with these systems7 before integrating them into 
their clinical practice, potentially, without local governance. 

The use of AI-embedded medical devices, tools, and 
programs has promising applications when integrated into the 
wound care context for specific wound types or to manage 
complex wound problems.4,31-32 Consideration of the potential 
advantages of a tool, such as an AI mHealth application or 
a biosensor measuring the pH level of ‘a wound, should be 
made in the context of a comprehensive, transformative, and 
lasting change to wound care management.11,33 Additional 
examples include the use of AI in aiding the diagnostic 
classification of cancerous lesions9 and its incorporation into 
monitoring surgical wound flaps using predictive modelling.34 
In wound management, AI is utilised for treating difficult to 
treat wounds, including the YOLOv8 pressure injury image-
based wound assessment program35 and wearable smart 
sensor dressings for diabetic foot wounds, which provide 
real-time assessment data.33 

AI-assisted wound management has gained positive traction 
across healthcare settings, with evidence suggesting 
improvements in clinical efficiency, including enhanced 
time management, accurate wound assessments, and 
increased patient engagement.4,36-39 Healthcare professionals 
and researchers have also expressed optimism about 
AI’s potential to reduce costs and streamline workflows 
in healthcare more broadly.25,40 Despite these promising 
developments, a notable gap remains in the literature 
regarding the barriers and enablers to AI adoption in wound 
management, particularly from the perspective of diverse 
healthcare professionals involved in wound management. 
Existing studies have primarily focused on the experiences 
of nurses and allied health staff, offering valuable insights 
into the challenges and opportunities within clinical and aged 

care environments.41-42 However, given that AI implementation 
in wound management is inherently multidisciplinary, the 
experiences of a broader range of healthcare professionals 
need to be explored to develop inclusive and effective 
strategies for its integration.7,39,43

Healthcare professionals’ perceptions are divided between  
optimism and a sense of caution about the potential pitfalls 
of using AI in their healthcare practice.12,44-45 Questions 
arising include: do the advantages of a clinical decision 
support tool outweigh the potential risks of data privacy 
breaches, biased outputs, or the potential overreliance 
on AI and deskilling of healthcare professionals’ in wound 
management?25 Nevertheless, research has shown that 
healthcare professionals who use AI as a tool have measurable 
advantages in their clinical performance and efficiency that 
exceed those of AI programs working without human input or 
healthcare professionals working without AI.14 The potential 
benefits of integrating AI technology in wound management 
have been considered31,36,46-47 particularly in comparison 
to current practice.7,48 AI-assisted wound management 
has demonstrated measurable improvements in clinical 
efficiency, including enhanced time management, more 
accurate assessments of wound healing and measurements, 
increased patient engagement in care, improved identification 
of wound types, and more precise selection of appropriate 
wound dressings.4,31,38,46-48

The limitations of AI-assisted wound management are 
not dissimilar to those in other healthcare fields, with 
numerous potential solutions identified to address these risks 
while appreciating the positive benefits.7,11,36 The risk-benefit 
argument is commonly used against AI, particularly given its 
current functionality. There are clear advantages to particular 
programs, such as Tissue Analytics, which has been shown 
to improve wound assessment and management during 
the COVID-19 pandemic.36 Additionally, AI-based pressure 
injury prediction models in intensive care settings have also 
shown promise.37-38 These studies highlight benefits, such 
as more accurate assessments, personalised care, earlier 
interventions, and improved prognostic capabilities.36-38 
Conversely, machine learning, a model involving multiple 
algorithmic methods to find solutions to problems with 
specific programming49, uses sensitive healthcare datasets 
that may not be generalisable due to potential bias, class 
imbalances and misrepresentation of a particular setting or 
population, if the dataset is not externally validated before 
implementation.17,25 Concerns arising from inaccuracies in 
outputs, data security, inaccessible and externally validated 
models, acceptability, ethical care, unclear technical 
skill frameworks, and privacy are not comprehensively 
addressed.9-10,25-26,43,50 Healthcare professionals and policy 
makers’ pessimistic view of AI in healthcare argues that it 
cannot be safely and comprehensively embedded into clinical 
practice until the perceived and identified challenges are 
addressed with practical risk mitigation strategies.9,16-17,43-44,50 
The World Health Organization (WHO) has emphasised the 
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importance of being hopeful that safeguard measures built 
in collaboration with stakeholders, guided by governance 
standards will mitigate potential risks.16 Examples of local 
governance frameworks include the New South Wales (NSW) 
AI Assessment Framework51 and the Australian Government 
National AI Assurance Framework52, which ensure the safe, 
ethical, and equitable use of AI. 

There is a known gap in evidence-based practice in wound 
management among healthcare professionals, such as 
nurses53, doctors, and podiatrists41-42,54-55 that AI may be able 
to address. A multidisciplinary example was provided by 
Hughes et al56 who conducted a study into the knowledge 
of nurses and allied health staff in wound infection, noting 
that staff surveyed (38%) incorrectly stated that all wounds, 
despite their assessment findings, require cleansing. 
This example illustrates a specific knowledge gap that 
an AI-assisted wound management program, such as a 
clinical decision tool, could address.31 Yet AI-assisted wound 
management could be beneficial in combating knowledge 
gaps through accurate risk prediction and wound assessment 
tools, and provide personalised, holistic treatment aligning 
with patient care goals.7,11 Health executives have touted 
AI as the solution to staff shortages, cost blowouts, and 
bridging the gap in healthcare professionals’ practices by 
preventing errors, and delivering efficient, evidence-based 
care.9 Healthcare professionals are agreeable to using AI 
with expert oversight, provided governance is developed and 
evaluated in collaboration with actively practising healthcare 
professionals using AI.1,7,57 

Study rationale

There is limited literature examining healthcare professionals’ 
views on AI use in wound management.7,43 A scoping review is 
warranted to understand this rapidly evolving field, including 
the barriers and enablers to adopting AI-assisted wound 
care. A scoping review can act as a precursor to a systematic 
review, identifying the current gaps in the literature, confirming 
concepts and terminology, and addressing the wide scope of 
the research question proposed. 

For the safe and effective adoption of AI in wound care, a 
greater exploration of potential topics, including regulatory 
compliance, data equity, trust, workflow and assurances of 
patient safety and clinical validity, is required.13,52 Research 
into AI use in wound management has described the 
development of algorithms and data sets, the trial of AI 
in multiple healthcare settings24, patient perspectives36,48, 
and the efficiency and feasibility of AI programs (mobile 
applications)11,36, head-mounted displays (smart glasses)32,58 
and wearable patient devices (smart dressings and bio-
sensors) in wound care.32-33 A scoping review that 
encompasses the heterogeneity of evidence in wound care, 
while acknowledging the rapid expansion of AI applications 
in healthcare, is beneficial.15-17 This protocol aims to describe 
the process of conducting a scoping review to explore the 

available research on healthcare professionals’ experiences 
of barriers and enablers to AI-assisted wound management. 

Objectives

The objective of this scoping review is to explore healthcare 
professionals’ experiences of barriers and enablers to 
AI-assisted wound management. In particular, we will 
focus on the barriers and enablers to AI-assisted wound 
assessment, diagnosis, and management plans in various 
care settings, and healthcare professionals’ awareness of 
clinical practice guidelines and policies related to AI-assisted 
wound management.

Protocol development 

The proposed scoping review will use the six-stage framework 
by Arksey and O’Malley,59 with refinements by Levac et 
al.60 The scoping review will be guided by the Preferred 
Reporting Items for Systematic reviews and Meta-Analyses 
extension for Scoping Reviews (PRISMA-ScR) checklist.61 
The scoping review protocol is registered with the Open 
Science Framework [OSF].62 The research team revised the 
protocol approach throughout the development, which is 
listed below. 

Methods
Stage 1: Identifying the research question

Research question

•	� What are the healthcare professionals’ experiences of 
barriers and enablers to AI-assisted wound management? 

Stage 2: Identifying relevant studies

The Campbell Collaboration, Cochrane Collaboration and 
the International Prospective Register of Systematic Reviews 
[PROSPERO] registries were searched for similar studies; no 
similar review has been registered or published to date. 

A librarian was consulted for preliminary research advice, 
and the research team guided the development of the search 
strategy. A preliminary search using ‘barrier’, ‘enabler’, 
‘wound’, ‘healthcare professional, ‘experience’ and ‘artificial 
intelligence’ as keywords with a combination of truncations, 
synonyms and Medical Subject Headings (MeSH terms) was 
conducted. Additional limits were chosen to restrict results to 
journal articles published within 2010–current, full text and in 
English to identify relevant and current articles related to the 
research question. 

Electronic journal databases to be searched include CINAHL 
Complete, Embase, Ovid MEDLINE, Scopus, PubMed, Web 
of Science, and ProQuest. Grey literature sources include 
Google Scholar (first 10 pages), Google Advanced and 
Connected Papers with ‘gold set’ articles from the preliminary 
search. Appendix A  includes an example of the preliminary 
search performed in the CINAHL Complete database, which 
was conducted in September 2025.
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If new keywords are identified, the search strategy will 
be updated, and additional searches will be conducted 
to incorporate new results into the scoping review. The 
database results will be manually reviewed for journal articles 
that align with the research inquiry and inclusion criteria. 
The search will be supplemented by manually reviewing the 
reference lists of ‘gold set’ articles. Co-citation of the ‘gold 
set’ articles will be performed through Connected Papers, 
which aims to highlight additional articles for review.

Stage 3: Study selection

The research inquiry and research question were developed 
using the Population, Interest, and Context (PICo) method.

•	 Population: healthcare professionals 

•	� Interest: barriers and enablers to AI-assisted wound 
management 

•	� Context: community, home, acute and primary clinical 
care settings where wound management is conducted 
(for example clinical wards, aged care facilities or home 
residences)

Study designs

The scoping review will include qualitative and mixed-
methods studies. Qualitative studies, including grounded 
theory, phenomenology, qualitative descriptive research using 
methods such as case studies, observation, focus groups, 
and individual interviews (structured or semi-structured), 
will be included in this review, focusing on barriers and 
enablers to AI-assisted wound management. Mixed-methods 
studies will incorporate the above designs and surveys with 
open-ended questions that discuss the experiences and 
perspectives of healthcare professionals. Feasibility studies 
will also be included to identify experiences related to 
the implementation of AI wound programs. Including the 
majority of relevant study types in the review ensures that 
a broad scope has been applied to retrieve the available 
evidence related to the research inquiry. Quantitative studies 
will not be included as they will not provide research on 
the experiences of healthcare professionals related to the 
research question. The inclusion and exclusion criteria are 
summarised in Table 1.

The PRISMA-ScR 2020 flow diagram will display the studies 
included, excluded, and reviewed.63 Appendix C provides an 
example of the flow diagram that will be populated with the 
search findings.

Stage 4: Charting the data

The extracted results will be guided and structured by 
the JBI Manual for Evidence Synthesis64 and JBI interim 
guidance articles.65 Two independent reviewers (SM & AM) 
will perform a staged screening of the retrieved studies 
based on the title and abstract search strategy. Three authors 
(SM, VT & AM) will review any additional articles identified 
to ascertain suitability according to the inclusion criteria. 

Two independent reviewers (SM & AM) will then review full-
text articles deemed relevant to the research question. If 
disagreements arise during any review phase between the 
authors, a third reviewer (VT) will be requested to review the 
article and determine its eligibility. 

The EndNote 20.5 program will be applied as a reference 
manager. Screening and data extraction will be conducted 
through the Covidence® program. If duplicate articles are 
identified, they will be removed in EndNote and Covidence®. 
The anticipated data charting approach will outline the 
characteristics to be recorded from articles in the review, and 
specific details related to AI tools will be extracted. 

•	 Author(s)

•	 Year of publication

•	 Country of origin

•	 Aims

•	� Study population (such as, nurse, doctor, allied health 
professionals) and sample size 

•	 Methodology/methods

•	 Outcome measures/results

•	 Funding sources

•	 Key findings that relate to the research question

Additional (if sufficient data is present)

•	 Type of AI 

•	 Device, tool or program 

•	 Name of the AI product

•	 Wound care function/purpose

•	 Accessibility to clinician (cost and availability status)

Theoretical Domains Framework 

Data synthesis will be guided by the Theoretical 
Domains Framework (TDF), which has been successfully 
applied to describe barriers and enablers associated 
with implementation-related behaviours of healthcare 
professionals.66-67 The TDF has 14 domains that describe 
individual, environmental, and social factors that influence 
a particular health care provision-related behaviour.68 The 
TDF was selected for this study because it offers a complex 
and comprehensive structure for identifying a wide range 
of behavioural barriers and enablers. Its multidimensional 
approach is particularly suited to exploring the emerging and 
varied experiences of healthcare professionals in AI-assisted 
wound management.69 

After a critical appraisal, the results of credible and trustworthy 
qualitative articles will be aligned with the respective TDF 
domains and constructs for barriers and enablers identified. 
In conjunction with data charting, Table 2 will detail the 
identified TDF domains, constructs, and coding of barriers 
and enablers identified in data extraction. 

Montalto, Madhuvu and Team	 Artificial intelligence-assisted wound management



Wound Practice and Research 86

Criteria category Inclusion criteria Exclusion criteria

Participants Studies involving healthcare 
professionals (such as nurses, 
physicians, allied health staff) in 
AI-assisted wound management

Studies focusing solely on patients, students or caregivers; studies on 
non-healthcare workers

Caveat: Can include articles that have patient/caregiver and healthcare 
professional participants, if using only the relevant part of the data is 
acknowledged

Phenomenon of 
interest 

Barriers and enablers 
to AI-assisted wound 
management. 

Experience using AI-assisted 
wound care technologies, such 
as decision support systems, 
machine learning, neural 
network, deep learning, large 
language models (LLMs), image 
analysis tools, predictive models

Studies that only examine AI efficacy without exploring barriers and 
enablers, user experience or knowledge of healthcare professionals, 
such as carer/patient studies or studies of tool efficiency only 

Studies not involving AI (for example non-AI mApps) or those that 
focus on general digital tools without AI (such as electronic health 
records, telehealth, medical devices)

Setting Community, home, acute and 
primary clinical care settings 
where wound management is 
conducted (such as clinical 
wards, aged care facilities or 
homes)

Non-clinical settings (such as home settings with no clinician staff 
assisting or monitoring wound care with AI technologies)

Academic simulations without real-world wound care practice or 
context. For example testing how to use the program without a 
simulated/mannequin wound 

Geographical 
location of study 

All countries that use AI-assisted 
wound care, regardless of the 
economic and demographic 
characteristics of the groups

Countries that do not use AI-assisted wound care in the regular 
practice of healthcare professionals 

Study design Qualitative studies (such 
as qualitative descriptive or 
grounded theory studies using 
interviews, focus groups), 
mixed-methods studies, and 
feasibility studies

Editorials, commentaries, letters (to the editor), quantitative studies 
such as randomised control trials (RCTs), narrative reviews, systematic 
and scoping reviews, and protocols without results. Mixed methods 
studies that do not explore the experiences of healthcare professionals 

Type of 
publication

Original research articles Conference abstracts, articles without full text, posters/e-posters, 
duplicate publications, theses/dissertations (Master’s or PhD 
manuscripts), editorials and redacted publications

Language English only Non-English (unless translation is available)

Date Restricted to 2010–2025 Outside defined year range, <2010 and not after initial search date, 
which was July 2025

Peer review Peer-reviewed articles and grey 
literature

Non-peer-reviewed articles of original research, unpublished articles 

Reported 
outcomes 

The results identified barriers 
and enablers to AI-assisted 
wound management

No barriers and/or enablers to AI-assisted wound management are 
discussed in the results

Table 1. Inclusion and exclusion criteria
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Theoretical Domains Framework

Domains Constructs Barriers & enablers (examples)

Knowledge •	 Knowledge (including 
knowledge of condition/
scientific rationale)

•	 Procedural knowledge
•	 Knowledge of task 

environment

Barrier: Limited knowledge of AI-assisted wound management 
Enabler: Knowledge of AI-assisted wound management 

Skills •	 Skills
•	 Skills development
•	 Competence
•	 Ability
•	 Interpersonal skills
•	 Practice
•	 Skill assessment

Barrier: Limited skill/competence/ability/practice in AI-assisted wound 
management 
Enabler: Proficient skill/competence/ability/practice in AI-assisted wound 
management 

Social / 
professional role 
and identity

•	 Professional identity
•	 Social identity
•	 Identity
•	 Professional boundaries
•	 Professional confidence
•	 Group identity
•	 Leadership
•	 Organisational 

commitment

Barrier: Unsupportive leadership, organisation and management in AI-
assisted wound management 
Enabler: Supportive leadership, organisation and management in AI-
assisted wound management 

Beliefs about 
capability

•	 Self-confidence
•	 Perceived competence
•	 Self-efficacy
•	 Perceived behavioural 

control
•	 Beliefs
•	 Self-esteem
•	 Empowerment
•	 Professional confidence

Barrier: Lack of practice/exposure/education/confidence in AI-assisted 
wound management
Enabler: Increased practice/exposure/education/confidence in AI-
assisted wound management

Optimism •	 Optimism
•	 Pessimism
•	 Unrealistic optimism
•	 Identity

Barrier: Lack of positive experience/pessimism about AI-assisted wound 
management
Enabler: Positive outcomes/optimism using AI-assisted wound 
management

Beliefs about 
consequences

•	 Beliefs
•	 Outcome expectancies
•	 Characteristics of 

outcome expectancies
•	 Anticipated regret
•	 Consequents

Barrier: Limited understanding of the potential risks and benefits of AI-
assisted wound management
Enabler: Knowledge and understanding of the potential risks and benefits 
of AI-assisted wound management

Reinforcement •	 Rewards (proximal/
distal, valued/ not valued, 
probable/ improbable)

•	 Incentives
•	 Punishment
•	 Consequents
•	 Reinforcement
•	 Contingencies
•	 Sanctions

Barrier A: Lack of incentive to use AI-assisted wound management 
Barrier B: Consequences for misuse of AI-assisted wound management
Enabler A: Incentivisation to use AI-assisted wound management 
Enabler B: Guidance on safe use of AI-assisted wound management 

Table 2. TDF domains, constructs and results (barriers and enablers)68
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Theoretical Domains Framework

Domains Constructs Barriers & enablers (examples)

Intentions •	 Stability of intentions
•	 Stages of change model
•	 Transtheoretical model 

and stages of change

Barrier: Limited intention for organisation and healthcare professionals to 
implement AI-assisted wound management 

Enabler: Planned intention for organisation and healthcare professionals 
to implement AI-assisted wound management 

Goals •	 Goals (distal/proximal)
•	 Goal priority
•	 Goal/target setting
•	 Goals (autonomous/ 

controlled)
•	 Implementation intention

Barrier: Limited use of AI-assisted wound management in patient care

Enabler: Inclusion of AI-assisted wound management in patient care

Memory, 
attention 
and decision 
processes

•	 Memory
•	 Attention control
•	 Decision making
•	 Cognitive overload/

tiredness

Barrier: Limited critical thinking in AI-assisted wound management 

Enabler: Critical thinking applied to AI-assisted wound management 

Environmental 
context and 
resources

•	 Environmental stressors
•	 Resources/material 

resources
•	 Organisational culture/

climate
•	 Salient events/critical 

incidents
•	 Person × environment 

interaction
•	 Barriers and facilitators

Barrier A: Organisational resistance to implementation (no infrastructure, 
funding or resource change) 

Barrier B: Organisation creates policies that do not support AI use 

Barrier C: Lack of training for healthcare professionals on AI-assisted 
wound management 

Enabler A: Organisation encourages implementation (infrastructure, 
funding or resource changes)

Enabler B: Organisation includes evidence-based use of AI clinical 
guidelines

Enabler: C: Supportive training for healthcare professionals on AI-
assisted wound management

Social 
influences

•	 Social pressure
•	 Social norms
•	 Group conformity
•	 Social comparisons
•	 Group norms
•	 Social support
•	 Power
•	 Intergroup conflict
•	 Alienation
•	 Group identity
•	 Modelling

Barrier: Healthcare professionals’ resistance to change in practice

Enabler: Healthcare professionals embrace change in practice

Emotion •	 Fear
•	 Anxiety
•	 Affect
•	 Stress
•	 Depression
•	 Positive/negative affect
•	 Burn-out 

Barrier: Anticipated fear/anxiety of AI-assisted wound management 
replacing healthcare professionals/creating stress/burn-out

Enabler: Positive association with AI-assisted wound management as a 
tool to reduce stress/burn-out 

Behavioural 
regulation

•	 Self-monitoring 
•	 Breaking habit 
•	 Action planning

Barrier: Suboptimal implementation/refusal of AI-assisted wound 
management 

Enabler: Integration/acceptance of AI-assisted wound management 
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Stage 5: Collating, summarising and resporing the results

Qualitative articles selected will be analysed for credibility 
and reliability using the consolidated criteria for reporting 
qualitative research [COREQ]70 or the standards for reporting 
qualitative research [SRQR].71 Mixed methods articles will 
use the Mixed Methods Appraisal Tool [MMAT].72

Stage 6: Consultations – Patient and public involvement

The protocol aims to outline the steps of the scoping review to 
develop a future understanding of healthcare professionals’ 
experiences of barriers and enablers to AI-assisted wound 
management. Patients and healthcare professionals will 
not be involved in the development or implementation of 
the proposed scoping review. The results of this review will 
inform future research in the evolving field of AI healthcare 
by providing new insights into the implementation of AI in 
wound management. Furthermore, the first author, a clinical 
nurse educator, holds full membership with wound-affiliated 
organisations, providing a platform for disseminating the 
proposed scoping review through educational formats and 
peer-reviewed journal publication. 

Discussion
Ethics and dissemination

To ensure trustworthiness and data integrity in research are 
maintained, the authors will consider ethical implications, 
such as providing a transparent search strategy process, 
presenting objective results, and aiming to identify and report 
biases in the studies included in this review. Ethics approval 
will not be sought for the scoping review because no ethical 
concerns are anticipated, as the project does not involve any 
human or animal subjects. 

The scoping review outcomes will be disseminated through a 
peer-reviewed journal publication, and the data will be made 
available upon reasonable request. Data will be collected 
from publicly available databases and websites, either via 
open access or a subscription. 

Limitations

This scoping review excludes studies that reflect the 
perspectives and experiences of patients, families, informal 
carers and students in nursing, medical, and allied health 
fields. Future reviews could focus on gaining their unique 
understanding of individuals’ experiences with using AI in 
wound care. 

Some barriers and enablers to AI-assisted wound 
management may be underreported, as we plan to exclude 
articles published in languages other than English that do 
not have a translation available. Furthermore, articles on 
‘clinicians’, ‘health workers’, ‘fuzzy logic’ or ‘agentic AI’ 
may be unintentionally removed from the search findings 
due to potential terminology use surrounding healthcare 
professionals and AI.

Conclusions
While AI presents an exciting opportunity to address the 
ongoing and ever-present challenges in wound management, 
the healthcare professional community is cautiously optimistic 
about its implementation and integration at various levels and 
formats of clinical practice. This protocol outlines the steps 
of the planned scoping review of healthcare professionals’ 
experience of barriers and enablers to AI-assisted wound 
management, and the findings of the review will provide a 
summary of these barriers and enablers. 
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